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* Ask: any nontrivial, binary choice survey question
* Assume: No (1) memory, (2) material changes, (3) attrition

* Ask again: same question

* Why trust any
+ survey analysis?
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A Binary Choice Conjoint Question

(Ono and Burden, 2018)

Please carefully review the two potential candidates running for election

to the U.S. House of Representatives, detailed below.

Race/Ethnicity

Age

Favorability rating among the pub-
lic

Position on immigrants

Party affiliation
Position on abortion

Position on government deficit

Salient personal characteristics
Position on national security

Gender

Policy area of expertise
Family

Experience in public office

Candidate 0
Hispanic

52

70%

Favors giving citizenship or guest
worker status to undocumented
immigrants

Republican Party

Abortion is not a private matter
(pro-life)

Wants to reduce the deficit through
tax increase

Really cares about people like you
Wants to cut military budget and
keep the U.S. out of war

Female

Education

Single (divorced)

12 years

Candidate 1
Asian American

60

34%

Opposes giving citizenship or guest
worker status to undocumented
immigrants

Democratic Party

Abortion is a private matter (pro-
choice)

Wants to reduce the deficit through
tax increase

Really cares about people like you
Wants to maintain strong defense
and increase U.S. influence

Female

Foreign policy

Married (no child)

4 years

If you had to choose between them, which of these candidates would you
vote to be a member of the U.S. House of Representatives?
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* Assumptions: No (1) memory, (2) material changes, (3) attrition
* Previous Research
° Strategy: separate surveys, months apart
* Problems: the 3 assumptions conflict
* New Experimental Platform
* Single survey, conjoint question: Q, [distractors] O,
* Assumptions: Easy: (2) and (3). Also works: (1).
* New Technology: online survey platforms
* Prep time: months ~ hours
* Validation: Preregistration + one test ~ many sequential tests
* Stopping rule: 1 run ~ ability to predict in new data
* We tested: every prior hypothesis & ours, in many ways
* We ran: 59 unique surveys (observational, experimental, eye
tracking, open/closed ended, conjoint/standard, ....)
* We were wrong & changed directions: A lot.
* The 3 R’s of Transparency
* Replicablity: data & code in Dataverse
* Reliablity: easy to collect new data from scratch
° Reporting: every failed hypothesis & mistake
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* Generally, in other fields: instrument v. subject variability
* social science methods: estimation v. fundamental uncertainty
* Definitions
* “Intrinsic”: A-eompenent-of; essential to its existence
* Zero stochasticity: not an attentive respondent, or live human
* Imagine 2 CT Scans moments apart
* Everything changes: Circulation, digestion, signaling, heart,
stomach, hormones, synapses, eyes; 1.2% cells/day replaced, etc.
* Stochasticity’s a feature: improves learning, creativity, stability

= The creatures we study: variables, not constants
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Slides, data, paper: GaryKing.org



