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Seguro Popular)

Most large scale public policy evaluations fail:
~> New “politically robust” methods

White House executive orders requiring openness
Local governments competing to share data

Rise of systematic observational analyses (e.g., Social Security
evaluation)

Look for: new research (and new methods) from partnerships
between researchers and governments
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e Expert-vs-analytics contests: Whenever enough information is
quantified, a right answer exists, and good analytics are
applied: analytics wins.

e But: There's always qualitative information that hasn't been
quantified

e Look for: new methodological solutions to the quant-qual
divide.
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e Dataverse: largest collection of social science research data

e solve political problems technologically: Breaks the choice
between individual credit and permanent archiving

e dataverse automates the job of the archivist

e a complete archive on your site, with no installations

e Huge array of analytics and behavioral incentives feed back
and improve science

e Look for: huge potential in applying social science insights to
improve science
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e Solved physical science problems: human generated global
warming, biodiversity, teaching evolution
e Solved problems in the science of science: replication and data
sharing, science funding
e Genomics, proteomics, brain scanning, etc., all producing huge
numbers of person-level variables

e Look for: new science—social science partnerships, and
merging of methods
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Please list any keywords which come to mind that will select
posts in this set related to Obamacare and will not select
posts unrelated to Obama care.”

e Examples: unconstitutional, coverage, obama, ACA. ..
e Median keywords recalled: 8

e Unique keywords recalled by 43 undergrads: 149

o Keywords 42 of 43 failed to recall: 98 (66%)

e ~~ Humans recognize keywords well, recall them poorly

e Thresher: New technology to discover the right keywords
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They can't follow the conversation; Thresher can.

The same task: (1) Long tail search, (2) Government and industry
analyst's job, (3) language drift (#BostonBombings ~~
#BostonStrong), (4) Child pornographers, (5) Look-alike
modeling, (6) Starting point for other automated text methods,
(7) Infinitely improvable classification, eDiscovery
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e Disagreements between central and local leaders
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